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Network Structure F1-Measure rrEF (FREL)
8-1 68.79% 71.30% (0.00%)

8-1-1 69.71% 72.46% (3.20%)

8-2-1 72.20% 73.62% (0.41%)

8-3-1 70.55% 72.17% (1.42%)

8-4-1 66.49% 67.54% (1.08%)

8-5-1 66.08% 67.25% (1.64%)

8-6-1 67.82% 68.70% (1.88%)
8-6-6-1 60.65% 62.32% (3.50%)
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Abstract

This study focuses on liver disease detection and prediction models that use biochemistry data to
medically screen patients. The liver disorders data set of UCI (University of California, Irvine) machine
learning repository which includes six features (e.g., alanine aminotransferase (GPT) and aspartate
aminotransferase (GOT)) is adopted to detect and predict liver disease. Furthermore, this study considers
clinical experiences to analyze GPT and GOT data and generate two features — GPT/GOT and GOT/GPT
— for the improvement of liver disease detection and prediction accuracy. For the evaluation of machine
learning methods, this study uses and implements decision tree, random forest, naive Bayes, support
vector machine, k nearest neighbors, and neural network. Experimental results show that the accuracy of
liver disease detection and prediction can be improved up to 73.91% by using random forest with the two
proposed features. Therefore, the two proposed features can be adopted into liver disease detection and
prediction models for future clinical trials.

Keywords: liver disease, machine learning, feature extraction, random forest
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